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This study considers a manufacturer performing preventive maintenance (PM) on a product according to a
one- or two-dimensional (2-D) policy. The one-dimensional PM policy is based on either time or usage, while
in the two-dimensional case, PM is scheduled based on both scales. The product carries a 2-D warranty that
offers protection for a certain amount of time and usage. Its cumulative usage is continuously monitored by the
manufacturer and is assumed to follow a gamma process. In this context, we first propose a doubly stochastic
Poisson process model for product failures where the stochastic intensity is influenced by the gamma usage
process in an additive manner. We then explicitly derive the expected total costs of the two one-dimensional
PM policies using the concepts of first hitting times and gamma bridges. For the 2-D PM policy, we express the
associated cost in terms of the value function of a dynamic programming model. In the numerical experiments,
we show how the variability of the usage process affects the costs of the three PM policies and find that the
optimal 2-D policy degenerates into a one-dimensional policy.

Gamma usage process

1. Introduction

Preventive maintenance (PM) refers to the routine maintenance
of products that involves inspections, cleaning, lubrication, and parts
replacement to prevent potential failures and unplanned downtime.
There are two primary types of PM services in the aftermarket: tradi-
tional and flexible. In a traditional maintenance service, a manufacturer
provides the same after-sales support to the entire customer population
(e.g., the Volkswagen Jetta Maintenance Schedule). Unnecessary ser-
vice costs or potential revenue losses may be incurred due to a lack
of market segmentation. A flexible maintenance service has a menu
of plan options for customers to choose from, as is the case with
the Porsche Scheduled Maintenance Plan. Despite more flexibility in
plan choice, each plan in the menu is designed based on the typical
characteristics of the corresponding customer group, implying that a
homogeneous service is still delivered in this segment. Additionally,
some customers might not have a clear understanding of their own
needs so that they are unable to identify their most suitable options.

In an attempt to address those shortcomings, many manufacturers
such as truck firm Scania have embraced customized maintenance
services with the help of Internet of Things (IoT) technology. Cus-
tomization, as a business strategy, aims to sell products or services
tailored to specific customer needs [1]. With permission, manufacturers
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can collect real-time sensor data during the use phase of a product to
know how, where and by whom the product is being used. Such valu-
able information is then utilized to customize a maintenance service
for each individual customer. Manufacturers benefit from this service
by effectively engaging with customers and providing unique value to
them. Finally, a closed-loop service system can be built to improve
customer relations.

IoT data about product usage include not only basic variables like
running time, the number of runs, and miles driven, but also variables
regarding product conditions, operating environment, and customer
behavior. This type of data has been traditionally difficult to obtain
as most products, once sold, are beyond the control of manufacturers,
and only limited field data is gathered during repair and maintenance
processes [2]. In the IoT era, however, there are ample data on usage
available at the individual level. Leveraging usage data to enhance
decision-making is not easy. One reason is the random nature of usage
data due to the variability in operations. A product may be used at
various levels in any given period. For example, the daily mileage of
a commercial vehicle fluctuates with customer demand. For products
operating in the natural environment, such as wind turbines, their
future usage is also generally uncertain. Consequently, the stochastic
nature of usage data must be taken into account when making PM
decisions.
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In this paper, we consider a manufacturer that performs PM on a
product under a two-dimensional (2-D) warranty while continuously
monitoring the cumulative usage of the product. We focus on exploring
how its random cumulative usage affects the manufacturer’s cost. We
start by modeling the cumulative usage as a gamma process and then
calculate the expected total costs of three PM policies with different
triggering mechanisms. The first is a time-based PM policy where PM
is performed at regular time intervals. It is the most commonly used
PM policy in real-life situations. The second policy is usage-based and
triggers a PM action once cumulative usage grows by a predetermined
amount. According to Djamaludin et al. [3], this policy is specifically
designed for products that tend to wear with use, such as automobile
tires and aircraft engines. The last is a 2-D PM policy based on both
time and usage. It requires that the next PM action occur after a
certain amount of time or usage, whichever comes first. Considering
the prevalence of 2-D PM in the automotive industry [4], we will study
these three policies in the context of a 2-D warranty.

The rest of the paper is structured as follows. In Section 2, we
review the relevant literature. In Section 3, we introduce gamma usage
processes for modeling product failures. In Section 4, we calculate
the expected total costs of the two one-dimensional PM policies. In
Section 5, we construct a cost model of the 2-D PM policy using dy-
namic programming. In Section 6, we show by numerical experiments
the effect of a stochastic usage process on the expected total costs
of the three policies. We conclude in Section 7 with a summary and
discussion.

2. Related literature

In the last decade, there has been considerable interest in planning
PM activities under 2-D warranty. Wang and Xie [5] provided an
excellent review of this literature. Wang et al. [6,7] both considered
periodic PM within base and extended warranty periods. For used prod-
ucts sold with a 2-D warranty, Wang et al. [8] proposed a reliability
improvement program involving either PM or upgrades, whereas Dai
et al. [9] developed cost models for a used product that is upgraded
prior to sale and then preventively maintained according to different
policies. Several papers have incorporated nonconstant maintenance
efforts in their PM models; that is, the effort or level of each PM action
is not captured by a single variable [10-13].

The above-mentioned papers measured PM intervals in calendar
time. Beyond that, PM can also be scheduled based on product usage,
such as flight hours [14-16], but the existing warranty literature on
usage-based PM remains limited. 2-D PM under a 2-D warranty was
first analyzed by Wang and Su [4], who optimized the extent of PM as
well as its time and usage intervals for the entire customer population.
Following this framework, Su and Wang [17] examined the impact of
the time of warranty purchase on a manufacturer’s cost, while Wang
et al. [18] considered the case where customers do not bring their
products in for maintenance on time.

We note that product replacement is often seen as a means of PM
(see, e.g., [19-21]). Using 2-D renewal theory, Yang and Nachlas [22]
investigated a 2-D replacement policy when repair and replacement
times are nonnegligible. Hu et al. [23] predicted the demand for spare
parts under a 2-D replacement policy. There are also 2-D replacement
models where the two scales are linearly combined, resulting in a
policy that covers a triangular region in the 2-D plane (see, e.g.,
[24]). Frickenstein and Whitaker [25] extended the covered region to
the class of lower sets.

Most models in the 2-D warranty literature assume that the cu-
mulative usage of a product is a linear function of time with an
unknown slope [26-28]. Although this assumption is supported by
many statistical analyses of automobile warranty data, there are still
reasons to investigate nonlinear usage processes. For the majority
of drivers, what we observe is only an approximately linear sample
path of a usage process, and a common usage rate distribution is not
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sufficient to customize PM services. For the rest, their usage paths
tend to exhibit varying degrees of nonlinearity. As noted by Lawless
et al. [2], it is short-term variations in usage rates that make usage
paths not precisely linear. Several approaches appear in the literature
to represent nonlinear usage paths, such as the accelerated failure
time model [1,29], a weighted prediction model [30], and the logistic
function [31]. Eliashberg et al. [31] treated cumulative usage as a
stochastic function with respect to time. The functional form they chose
reflects the decline in usage rate as a product ages.

We can also view product usage as a stochastic process. Singpur-
walla and Wilson [32] described a usage process using three sets of
nonnegative random variables, namely the lengths of time in busy and
idle states as well as the usage rate at each busy period. De Jonge
and Jakobsons [33] proposed a Markov switching model where busy
and idle times are assumed to have exponential distributions. When
periodically monitoring product usage, we can consider usage rates to
be i.i.d. random variables by first dividing the planning horizon into
equally spaced intervals, as in [13,19].

As for continuous monitoring, a gamma usage process is a very
attractive alternative because of its mathematical tractability. Since it
is a pure jump process, a countably infinite number of jumps occur
in any finite time interval, suggesting that this process is appropriate
for modeling the gradual accumulation of usage and can provide a
good approximation of continuous usage paths [34]. Singpurwalla and
Wilson [35] described the evolution of cumulative usage as Poisson,
gamma, and Markov additive processes. Lawless and Crowder [34]
fitted a joint model with random effects for recurrent events and sta-
tionary gamma usage processes in the context of automobile warranty
claims. Their model checks indicated good agreement between the
gamma usage process and actual warranty data. Pulcini [36] estimated
a nonstationary gamma usage process model with heterogeneity using
automobile failure data. For the application of gamma processes in the
field of reliability, we refer interested readers to van Noortwijk [37],
Singpurwalla [38], and Chen et al. [39].

Compared with the extant literature, the contribution of this re-
search is threefold. First, to our knowledge, we are the first to study
the three PM policies under a gamma usage process. The process
variability not only leads to uncertainties in the number of PM actions,
PM instants, and warranty end time, but also brings the possibility of
performing PM in both dimensions under a 2-D PM policy. Second, to
determine the expected total costs of the three policies, we develop
a novel dynamic programming model with two state variables (time
and cumulative usage) using the concepts of first hitting times, gamma
bridges, and doubly stochastic Poisson processes. Third, 2-D PM in
practical settings is typically delivered as a homogeneous service to the
entire group of customers, whereas our focus is on a personalized PM
service for a specific customer or usage process.

3. Model formulation
3.1. Gamma usage process

We assume that a usage process is determined by external factors,
that is, the current product usage is unaffected by the previous history
of failures [40]. This assumption is a reasonable approximation of
reality because repair times are generally much shorter than the mean
time between failures [2]. We view a usage process as a unidimen-
sional concept captured by cumulative usage. Such a process is often
approximated as linear when cumulative usage can only be obtained
at the time of failure and is unavailable for products without failures.
However, with the advent of the IoT, real-time tracking of usage has
become feasible, enabling the recording of complete usage histories.
This technological advancement allows analysts to use some stochastic
processes in usage modeling. Both between- and within-unit variations in
usage paths can be incorporated.
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Table 1
Nomenclature.

Symbol Definition

M) Cumulative usage at time ¢

at, B Shape function and rate parameter of the gamma process

A1) Failure rate at time ¢

Ao(t) Baseline failure rate at time ¢

Ag(t) Jo do(s)ds

n Usage deterioration efficient

N(1) Number of failures up to time ¢

L First failure time

T,U Age and usage limits of the 2-D warranty

T Expiry time of the 2-D warranty

7(x) First hitting time of the gamma process

; Instant of the ith PM action

P Improvement factor of PM

c, Repair cost

c, PM cost

r Usage rate

G, Expected repair cost when no PM action is taken

n Number of PM actions under the time-based PM policy when T=r1

A n when no randomness is involved

C,(n) Expected total cost of the time-based PM policy

m Number of PM actions under the usage-based PM policy when
MT)>U

m m when no randomness is involved

C,(m) Expected total cost of the usage-based PM policy

J(x,y) Expected total cost from point (x,y) to the end of the 2-D warranty
under the 2-D PM policy

Cs(n, m) Expected total cost of the 2-D PM policy

We denote a product’s cumulative usage at time ¢ as M(¢) and its
usage process as { M (t),t > 0} (see Table 1 for a summary of notation).
Our model assumes that the usage process {M(1),t > 0} follows a
stationary gamma process, which possesses the following properties:

* M(©0)=0;
» For any 0 <t <t,, M(t,) — M(t;) ~ Gamma(a(t, — 1), );
* {M(t),t > 0} has positive and independent increments.

Here the gamma distribution is parameterized in terms of a shape
parameter a(f, — t;) > 0 and a rate parameter f > 0. In general, the
shape parameter is the difference between the values of an increasing
function passing through the origin at + = 7, and 7 = ¢,, but linearity
is assumed for simplicity. The second property shows that the gamma
process has stationary increments. The probability density function for
M(t,) — M(t,) can be expressed as:
patta=ty)

I'(a(t, — 1))
for x > 0. Consider the increment of the gamma process over the inter-
val [0, ¢]. Then we have M (1) ~ Gamma(az, f). Its expectation E[M (1)] =
at/p and variance Var[M(¢)] = at/p* both increase linearly with time.
Hence, the gamma process is able to model random fluctuations in a
linear usage path. Multiplying M (t) by a positive constant k, we have
kM (t) ~ Gamma(at, f/k).

Define 7(x) = sup{t : M(¢) < x} as the first hitting time of x by the
gamma process. It is the time when the gamma usage process starting
at zero first hits the cumulative usage x. The probability distribution
function of this random variable is given by

I(at, px)
I(at)

IMy-may (6 alty = 1), B) = Xt M

F () =P@(x) <0)=P(M(t) 2 x) = ) ()
where I'(a,y) = |, * z¢=1¢=% d z is the upper incomplete gamma function
for y > 0 and a > 0. The probability density function of z(x) is

0
24

_ at=1 -z
Tt /e (lnz y/(at))z e *“dz, 3

e @) =
where y(y) =dInI'(y)/ dy is the Digamma function for y > 0.

Next we introduce the concept of a gamma bridge for later use.
Similar to the definition of a Brownian bridge, a gamma bridge is a

Reliability Engineering and System Safety 242 (2024) 109743

conditional stochastic process in the interval [t,, 3], given the values of
the process at both endpoints of the interval. For any ¢, € (1{,13), we
have two independent random variables: M (t,)— M (¢;) ~ Gamma(a(t, —
1), f) and M(t;) — M(t,) ~ Gamma(a(tz — 1,), f). From the properties of
the gamma distribution, it follows that the first gamma random variable
divided by the sum of the two gamma random variables has a beta
distribution with parameters a(t,—1,) and a(t3—t,). That is, M)-M,)

" M M(13)-M(ty)
Beta(a(t, —1,), a(t;—t,)). Moreover, % is independent of M(t;)—

M((t)). Since M (t,)— M (t;) is equal to M (t;)— M (t,) times a beta random
variable, the conditional probability density of M(t,) — M(t,) given
M(t3) — M(t)) is

fM(rz)—M(tl)IM(tg)—M(’l)(y [ x)
= I(a(t; —11)) 1 (Z)“(Tz—tl)_l (1 - X)a(’-‘_'z)_l @
I(a(ty — 1)) (alty — 1)) x

X X

for 0 < y < x. In addition, we can obtain
E[M(ty) | M(t), M(t3)] = E[M(t;) | M(t)), M(t3) — M(1))]
=M@)+E [ M(1y) - M(@t)) | M(t,), M(t3)
-M@)] %)

=M(@)+ ;2 ~ il (M(3) = M(1)).
374

The third equality holds because of the stationarity of the gamma
process. We will frequently use Eq. (5) in the rest of the paper.

3.2. Doubly stochastic Poisson process

The product is subject to deterioration and wears with time and
usage. We let A(#) denote its failure rate at time ¢. For analytical
tractability, we assume that the effect of usage on reliability is captured
by the following additive hazards model (see, e.g., [31,35]):

At) = Ao() + nM (@), (6)

where Ay(1) is the baseline failure rate at time ¢t and # > 0 is the
usage deterioration factor. We use 4((r) to describe the deterioration
due to failure causes other than usage, such as rusting or damage
by unexpected events. When environmental effects are small or the
probability of adverse events tends to remain unchanged over time,
one can adopt a constant baseline failure rate. The additive hazards
model with a linear baseline failure rate has been widely used in the 2-D
warranty literature, and He et al. [41] estimated it with truck warranty
data. Aalen [42] discussed the merits of the additive hazards model
over the usual proportional one (see, e.g., [43,44]).

We assume that a failure is corrected by minimal repair, that is,
the failure rate is the same as it was just before the failure. Under this
assumption, the failure process can be modeled by a Poisson process
whose intensity is given by the above failure rate function. As the
intensity is driven by a stochastic process, this Poisson process is itself
a doubly stochastic Poisson process (also called a Cox process), which
was initially proposed by Cox [45]. Note that once the realization of the
intensity is given, it will become a nonhomogeneous Poisson process.
Denote by N(¢) the number of failures up to time 7. Then we have

t t '
E[N<f>l=E[/ A(s)ds]=/ E[/l(s)]ds:/ <Ao(s>+w>ds
0 0 0 ﬁ

2

= A+ 2. %!
where Ay() = fol Ap(s)ds is the baseline mean function. In the first
equality, the integral of a gamma process with respect to time can
be estimated by Riemann sums [35,46,47]. In the second equality, we
interchange the order of expectation and integration. The third equality
uses the fact that M(s) ~ Gamma(as, #), which has mean as/p. The
variance of the number of failures N(z) is
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t t
Var[N(H)] = E [/ A(s)d s] + Var [/ A(s)d s]
0 0

12 t t 12 2
= Ag() + % +/O /0 E[A(s)A(z)]dsd z — (Ao(t) + %)
_ nat 112(113
BT IR

®

The first equality follows from the law of total variance and the fact that
Var[N(t) | F,] = E[N(t) | F,]1 = [; A(s)ds, where F, = 6{A(s), s < 1} is the
sigma-algebra generated by the process {i(s)},,. In the second equal-
ity, the last two terms represent the variance of the conditional expec-
tation E[N(r) | 7,1, and E[E[N () | F,1?] = E[/; A(s)ds /0’ Mz)dz]. The
third equality holds because E[M (s)M (z)] = a min(s, z)/ > +a?sz/p%. To
see this, consider, for example, the case where 0 < s < z. Then we can
write E[M (s)M(z)] as E[M(s)(M(s) + M(z) — M(s))]. That the doubly
stochastic Poisson process is overdispersed follows from Var[N(¢)] >
E[N®)].

Another quantity of interest in the doubly stochastic Poisson process
is the arrival time of the first failure, which we denote as L. When the
manufacturer makes a replacement at failure, we need to specify the
survival function P(L > t) of this random variable for + > 0. From
reliability theory, it follows that P(L >t | F,) = exp (— fot /l(s)ds). By
unconditioning, we obtain

t
P(L>tH=E [exp <—/ A(s)ds)]
0

1
= exp (— / (Ag(s) + aln(f +ns) —alnp)d s> 9
0
B a(t+/n)
= exp(ar — Ay(1)) <nt+ﬁ> .

The second equality uses the following result established in [48]:

t t
E [exp <—/ M(s)ds)] = exp <—/ (aln(ﬁ+s)—alnﬂ)ds>
0 0

a(t+p)
= exp(at) (% > .

We refer the reader to Kebir [48] for the proof of this result. By Eq. (9),
the product behaves, in an average sense, as if it had an increasing
deterministic failure rate function given by Ay(s) + aIn(f + #s) — aln .

(10)

3.3. PM effect

Before determining the cost of a PM policy, we need to model
the effect of PM. There are two commonly used modeling approaches
in the literature: reducing the failure rate of a product indirectly or
directly [49]. The first approach uses the notion of virtual age and
applies to the case of deterministic failure rates. By integrating a failure
rate function over intervals of virtual age, we can find the expected
number of failures. However, when dealing with stochastic failure rates
due to gamma usage processes, for a usage-based PM policy introduced
in Section 4.2, it is challenging to specify which PM interval a product’s
virtual age after PM falls into. Therefore, we adopt the second modeling
approach, and specifically the ARI; model in [49], to ensure analytical
tractability.

We assume that PM can reduce the increment in the failure rate
since the most recent PM action (rather than the current failure rate
level) by a constant factor. Let w; be the instant at which the ith PM
action is performed, with w, = 0. Then we have A(w;,) = A(w;) + (1 —
p)(/l(coijrl)— Mw;)), where 0 < p < 1 denotes the improvement factor and
Moy, )= lim,_,mi-+ 1 A(1). Solving the recursion yields

May) = 40) + (1 = p)(Ag() + 1M (w;) — 4y(0))

(€8]
= pA(0) + (1 = p) (Ag(@) + M (w))).
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Even though A(w;) # Ag(®;) + M (w;) when PM is present, Eq. (6) can
still be used to derive the failure rate increment A7, )= Ma;). For any
w; <t <w;,, we have

At = Jg(®) + M @) = p(Ag(@;) + nM(@;) = 49(0)). 12)

This equation indicates that we just need to subtract a portion of the
total increase in the failure rate from the beginning to the last PM
instant.

4. One-dimensional PM policies

In this section, we examine two one-dimensional PM policies, one
based on time and the other based on usage. PM is conducted under a
2-D warranty with an age limit T and a usage limit U. The costs of
the two policies are closely related to the end of the 2-D warranty.
We let this point be T = min{z(U), T}, where =(U) corresponds to
the time when the product’s usage process first hits U. Its probability
distribution function is

F(n=P(T<t)= {

The manufacturer incurs a fixed cost of ¢, for each repair operation.
If we let C, denote the expected repair cost of the manufacturer when
there is no PM, then we have C; = ¢,E[N(T)], where

P(z(U)<1), ift<T,

) (13)
1, ift>T.

[N ()] =/0 E[N(T) | eW) =1 £ dr
T
- [ WO ) =10

+ / EIN(T) | 2(U) = 1] £ d1
T

T t
:/ E [/ (Ao(s) + nM(s)) d's
0 0

[ T
+/ E [/ (A(s) + nM(s)) ds
T 0

T t
- /0 /0 Elio(s) + nM(s) | M(t) = Uld s f, (1) d1

M) = U] fewydt

M) = U] fey®dt

o0 T
+/ / E[4o(s) +nM(s) | M(t) = Uld s f (1) dt
T 0

T U
=/ <A0(t)+ —”2t>fT(U)(t)dt
0

o uT?
+ / <A0<T)+ (el : >fT<U)(r)dr‘
T

t
14

In the second equality, we use the law of total expectation. The first
term on the right-hand side corresponds to the case where the usage
limit is reached before time T. In this case, the 2-D warranty ends at
time 7(U), and the number of failures occurring before time z(U) is
counted. The second term represents the case where the 2-D warranty
expires at time 7. The fourth equality follows by interchanging the
order of conditional expectation and integration. The fifth equality is
obtained from Eq. (5). Note that the probability density function for
7(U) is obtained from Eq. (3) by letting x = U. The expected number of
failures occurring by a given time and usage can be derived in a way
similar to E[N(f)].

4.1. Time-based PM policy

The time-based PM policy we consider is periodic, and PM takes
place every T'/(n+1) units of time. Under this policy, the ith PM instant
, equals iT/(n+ 1) for 1 < i < [(n+1)T/T| - 1. As an illustration,
Fig. 1 plots two gamma usage processes when n = 2. Since T=r1
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Fig. 1. Illustration of the time-based PM policy (n = 2).

in the case of path 1, the number of PM actions is n. (Note that the
manufacturer does not perform PM at the end of the 2-D warranty.)
For path 2, this number is less than n. Although simulated from pure
jump processes, both usage paths still appear to be smooth. However,
there also exist occasional noticeable jumps due to heavy use, which
increase the uncertainties in the cumulative usage and failure rate at
each PM instant.

Since some auto brands (such as BMW, Volvo, and Jaguar) provide
a comprehensive free maintenance program to their customers, we
assume that the manufacturer bears all the PM costs in the warranty
period. The cost of each PM task is denoted as c, and is assumed to
be independent of product states. Both the number of PM actions and
the total PM cost are random because the cumulative usage follows a
gamma process. Let C;(n) be the expected total cost of the time-based
PM policy. This cost consists of the expected repair and PM costs. The
decision variable n > 0 is an integer. The cost function C,(n) can be

written as
[ae0T/T]-2  geor 7
n+1
Ci(n) = c,E D [T /l(s)ds+‘/([("+l)f/T]7])T Ms)ds
Jj=0 il n+l1
. - (15)
i+ iT .
ro 3 (P (S) ~Fan (757))
i=0
+¢,(1 = Fry(M)n.

The first term in the above equation represents the expected repair
cost and is described in further detail in Appendix. The second and
third terms correspond to the expected PM cost, and we need to pay
attention to the time when the usage path first hits the usage limit of
the 2-D warranty. The realized value of 7 determines the number of
PM operations performed.

If there is no randomness in usage, a stationary gamma usage
process will be reduced to a linear usage process, with its path being
a straight line. The slope of this line is referred to as the usage rate
and is denoted by r. The constant usage rate r is known because this
information can be collected by sensors. Given r, we can express the
cumulative usage at time 7 as M (f) = rt. The expected total cost of the
time-based PM policy depends on the usage rate . When 0 < r < U /T,
we have
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n G+DT
n+1
Cl(n):cpn+c,2/l " As)ds
=075
n
(G+nT iT @j+DnrT?  (16)

= A [ L2222 ) gy et/ L
CP"J“C’Z()( °< n+ 1 > O<n+1>+ 2n+ 172

T jT jnrT
A — 490 .
n+1<0<n+1>+n+1 0()>>

The first equality follows from Eq. (15) by noting that T=Tand T(U) =
U/r > T. Similarly, when r > U/T, we have T = t(U) =U/r < T. In
this case, the cost function C,(n) is given by

-1 G+DT u
n+1
Cl(n)=cpﬁ+c,2/r A(s)ds+c/ As)ds
Jj=0 n/T n+l
a-1
. G+DT jT 2j + DnrT?
=c, A+ Ag [T ) - (2 )+ 222
" C;g( °< 1 ) °<n+1> 2+ 12
T jT jnrT
n+l <A°<n+1>+ F1 AO(O))) an

we (0 (5) -1 (57)

A2 A
n? (U_2_ (:+T1)2> _”(’1‘)(”"11)

aT U aT
e (557) =w0) (T -357)):
where i = [ U] — 1 designates the number of PM actions and
AT/(n+ 1) <t(U) < i+ DT /(n+1).

4.2. Usage-based PM policy

In addition to the time dimension, we can also characterize a PM
policy using the usage dimension. The usage-based PM policy consid-
ered divides the usage interval [0,U] into m + 1 equal parts, making
the amount of usage between two consecutive PM actions U /(m + 1).

The corresponding time interval is of length T( U >, which is the

time when a gamma process starting from zero first hits U/(m + 1).

m+1
Define {Ti (% )} , asan independent sequence of such first hitting
times. Then the ith PM instant »; can be expressed as w; = ‘r( iU ) =

m+l
Yo (m+1 for 1 <i < [(m+ DMT)/U] - 1.
We denote by C,(m) the expected total cost of the usage-based PM

policy. The decision variable m > 0 is an integer. The expression for
C,(m) can be written as:
A () (g7
W1/ ™

< i+ HU iU , 18
ve, 3 (e (G ) = e (557)) o
i=0

+¢,(1 = Fpry(@))m

where Fy ) is the cumulative density function of the gamma-distri-
buted variable M(T). It is necessary to condition on the sequence of
first hitting times when calculating the expected repair cost. This ex-
pression can be further expanded, as shown in Appendix. The key idea
in computing the expected PM cost is to determine how many usage
intervals the gamma process goes through during the 2-D warranty—
that is, how many times the manufacturer has performed PM. For
example, we can see from Fig. 2 that the total number of PM actions
is m when M(T) > U. The figure also reveals that the usage-based
policy leads to nonperiodic PM schedules. Compared with the time-
based policy, this policy leaves the manufacturer facing uncertainty
about PM instants rather than the cumulative usage at each instant.

We next derive the expected total cost of the usage-based PM policy
if there is no randomness involved in the usage process. When 0 < r <
U/T, we have

Cy(m)=E [IE [repair cost
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Fig. 2. Illustration of the usage-based PM policy (m = 2).
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where i = | 22T | _ 1 is the number of PM actions and ml/(m+1) <

T < (M+1)U /(m+1). The first equality can be obtained from Eqgs. (18)
and (A.2) by noting that M(t) = rT < U and Z;rl:lfj mL-H> <T<
ZTLI T (WLH ) Similarly, when r > U /T, we have M(s) = ¥T > U and

Jj=1 m+1

Zm“ 7 ( v ) =U/r < T. In this case, the cost function C,(m) is given
by

m (j+l])U
Co(my=cmte,y, / T " As)ds
Jj=0 (ml+l)r
m
(+hHUu JU 2j + Dyru?
= + Agl ———— ) - A +
" C’Z:;( 0<(m+1)r Nm+Dr) " 2m+ 122

pU ju jnru
Tm+ Dr <’1° <(m+ l)r> Yo r ’10(0)>> '

(20)

Reliability Engineering and System Safety 242 (2024) 109743

mU_ | I @ I
m+1 T

Y IV 11
.
U |
m+1 :

(z,y)
0 \
0 T T
n+1

Fig. 3. Four cases of the recursive equation for J(x, y).

5. 2-D PM policy

This section adds a new dimension to a one-dimensional PM policy.
In real life, PM for some capital-intensive products such as automobiles
is 2-D: Two successive PM actions are separated by a time or usage in-
terval, and the instant of the next action depends on which interval the
usage process first passes through. While 2-D PM is usually offered as a
uniform program to all customers, what we consider is a personalized
PM service for a specific usage process or individual.

Our model assumes that a 2-D PM policy has a time interval of
T/(n+1) and a usage interval of U /(m+ 1), as is the case with most car
companies. The integers n > 0 and m > 0 are decision variables. This
policy does not divide the 2-D warranty region into an (n+ 1) X (m+ 1)
grid of cells, but generates a rectangle with length 7/(n+ 1) and width
U /(m+1) at each PM point to trigger the next PM action (as illustrated
in Fig. 3). It is worth noting that the 2-D policy will reduce to a one-
dimensional policy under a linear usage process. Specifically, PM will
always be carried out in the time dimension if 0 < r < % and in the
usage dimension otherwise. Moreover, one unit of usage can translate
into 1/r units of time, and the resulting PM schedule will be periodic.
However, when assuming a gamma usage process, we face uncertainties
in PM instants and the number of PM actions because of the possibility
of performing PM in either dimension.

The expected total cost of the 2-D PM policy is calculated through
the use of dynamic programming. Given that the product’s age is x and
cumulative usage is y at the kth PM instant, we define J,(x,y) as the
expected total cost to the manufacturer from point (x, y) to the end of
the 2-D warranty. Note that the expected cost-to-go is independent of k.
We therefore omit the subscript k& and use J(x, y) to denote the cost-to-
go function defined over the 2-D warranty region upon PM. In deriving
the recursive equation for J(x, y), we have four cases depending on the
position of (x, y) relative to the 2-D warranty boundary, as shown in
Fig. 3. As we move from one PM instant to the next, since the total
number of PM actions is uncertain, we need to determine whether and
how the next PM action is triggered.

In region [, i.e., when nT/(n+ 1) < x<T and mU/(m+ 1) <y < U,
the manufacturer will not take any PM actions but instead will just
bear possible repair costs because the distance from point (x,y) to
either limit of the 2-D warranty is no greater than the length of the
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corresponding PM interval. In this case, the value function J(x,y) can
be computed recursively as follows:

J(x,y)

T-x x+t
=c,+ c,/o E [/ (A(s) +nM(s) = p(Ag(x) + ny — 49(0)) ) d's
X ' M(x+1) = U] frw—p@®dt
+o0 T
+cr/ E [/ (Ao(s) + 1M (5) — p(Ag(x) + ny — 49(0)) ) d's
T-x X

X ‘ M(x+1) = U] f,(U_y)(t)dt

nw+yr

T-x
=c,+ c,/ (Ao(x +1)— Ag(x) + 3
0

X fru—y®dt

+oo
+c,. / (AO(T) = Ay(x) +ny(T = x)
T

—-X

p(20(x) +ny - 10(0))l>

U =T - x)?
2t

= () + ny = Ag(O))(T — x)) few—pDdt.

2D

To calculate the expected repair cost, we need to know whether a
gamma process starting from zero hits U — y for the first time before
time T — x or, equivalently, which limit the usage process hits first. The
second term of the first equation represents the case where the usage
process hits the usage limit first, whereas the third term represents the
case of hitting the age limit first. Note that the condition M(x +1) =U
is equivalent to (U — y) = 1.

In region I, i.e., when nT/(n+ 1) < x<T and 0 <y <mU /(m + 1),
since the distance from point (x, y) to the age limit is no greater than
the length of the time interval, the manufacturer will not perform PM
based on this dimension, but the possibility for PM still remains in
the other dimension. We need to determine in this region whether the
usage process passes through a usage interval first before reaching the
age limit. If a gamma process starting from zero hits U /(m + 1) for the
first time before time T — x, then the initiated PM task entails a cost of
¢,. Otherwise, the manufacturer only incurs repair costs until the end of
the 2-D warranty. For any point in region II, we can express the value
function J(x, y) as follows:

J(x, )

T—-x x+t
=c,+ c,/O E [/ (Ag(s) +nM(s) = p(Ag(x) + ny — 49(0)) ) d's

3 U
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+/0 J<x+t,y+—m+1)fr(#)(t)dt
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- ﬂ(/lo(X)+11y—/10(0))t) fT( v )(T)dt

+o0
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—X

= () + 1y = AgO)(T — x)) S (0.
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(22)
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The second and third terms of the first equation represent the case in
which the usage process first passes through a usage interval, while the
fourth term corresponds to the case where the usage process first hits
the age limit. Since J(x, y) is an expected cost-to-go function, the third
term is not multiplied by the cost parameter c,.

In region I, i.e., when 0 < x < nT/(n+ 1) and mU /(im+ 1) <y < U,
the distance between point (x, y) and the usage limit is insufficient for
PM to be performed based on usage. If a PM action is triggered, then it
must be performed in the time dimension, and the problem proceeds to
the next stage because the 2-D warranty is still in effect. We can write
the recursive equation as

J(x,y)
,,TT x+t
=cp+c,/o E [/ (Ao(s) + nM(s) — p(Ag(x) + ny — A9(0)) ) d's

X ' Mx+1)= U] fT(U_y)(I)dI

+oo x+%
+e, /T E [/ ' (Ao(s) + nM(s) = p(Ag(x) +ny — 49(0)) ) d s

n+l1

x 'M(x+t):U:| few—p®dt

+oo
+/ EJ<x+L,M(x+ r ))
T n+1 n+1

n+l
x ' M@x+1)= U] few—p®dt

W+

T
nl
=c,,+c,/+ <A0(x+t)—/\0(x)+ >
0

p(Ag(x) +ny — /10(0))t>

X fru—y®dt

+oo
T T
v, (Ao(x+m)—%<x>+%+

n+l1

" —pr?
2(n+ 1)2t

p(A(x) +ny — 49(0))T
_ — )fr(U_y)(t)dt

+/:wE[J<x+FT1,M<x+nT?>> ‘M(x+t):U]

n+l

X fr—p®dr.

(23)

Note that U —y is the distance between point (x, y) and the usage limit.
The second term of the first equation indicates that the time required
for the usage path to hit U —y for the first time is less than the length of
the time interval, so the 2-D warranty ends before the next PM instant.
The third and fourth terms indicate that a PM action occurs at time
x+T/(n+1). The second argument of J(x+T/(n+1), M(x+T/(n+1)))
in the fourth term still involves uncertainty, unlike that of J(x +7,y +
U/(m+1)) in Eq. (22). We do not observe the cumulative usage at time
x+T /(n+1), but know that the cumulative usage at time x+¢ is U. Given
a gamma bridge that begins at M(x) = y and terminates at M (x+t) = U,
the value of the bridge at time x+ T /(n+1), M(x+T/(n+ 1)), is equal
to y plus U — y multiplied by a beta random variable with distribution
Beta(aT /(n+ 1),at —aT /(n + 1)).



S. Peng et al.
In region IV, i.e. when 0 < x < nT/(n+ 1) and 0 < y < mU /(m + 1),

PM is possible along both the time and usage dimensions. In this case,
the recursive equation is written as

J(x, )
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(24)

We can determine whether the usage process first traverses a time or
usage interval by comparing the first hitting time of U /(m + 1) against
T /(n+1). If the former is smaller than the latter, then the next PM action
will take place at point (x+t¢,y+U/(m+ 1)), as captured by the second
and third terms of the first equation. Otherwise, the next PM action
will occur at point (x+ 7T /(n+ 1), M(x + T /(n+ 1))), as indicated by the
fourth and fifth terms. The cumulative usage M (x+7 /(n+1)) is equal to
y plus U /(m+1) multiplied by a beta random variable with distribution
Beta(aT /(n+1),at —aT /(n+1)). Finally, the boundary conditions of the
dynamic program are given by J(T, -) =0 and J(-,U) =0.

Our ultimate goal is to find the expected total cost of the 2-D PM
policy, which we denote by C;(n, m). For a gamma usage process that
starts at point (0,0) and ends at the warranty boundary, we use the
value function J(x, y) to express Cs(n, m) as
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C3(n,m)
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In the fourth term of the first equation, M (T'/(n+1)) is equal to U /(m+1)
times a beta random variable with distribution Beta(aT/(n + 1), at —
aT /(n+ 1)). It is worth noting that PM is not performed at point (0, 0),
and hence the manufacturer does not start out by incurring a cost of
c,- After discretizing the 2-D warranty region, we compute the values
of J(x,y) in a recursive manner. Then, for given nonnegative integers
n and m, we calculate the expected total cost C5(n,m) from Eq. (25).
Finally, we find the optimal 2-D PM policy (n*, m*) via a grid search
over the parameter space.

We can also use dynamic programming to obtain the expected total
costs of the two one-dimensional PM policies studied in the previous
section. When PM is time-based, we let m = 0, in which case the usage
interval of 2-D PM is U. Since we do not perform PM at the end of
the 2-D warranty, the usage dimension does not come into play. Given
m = 0, only the conditions in the first and third cases for J(x, y) hold.
Based on this value function, an alternative way of evaluating C,(n) is
presented below:

Ci(m)
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In the third term of the first equation, M(T/(n + 1)) is equal to U
multiplied by a beta random variable with distribution Beta(a7 /(n +
1), at—aT /(n+1)). Under the usage-based PM policy, we let n = 0. Of the
four cases for J(x, y), only the first and second apply. Since Eq. (A.2) is
challenging to compute when m > 2, we proceed as follows to evaluate
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Fig. 4. Sample paths of the gamma usage process (« = f = 8.333).
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It is straightforward to verify that C,(n) = C5(n,0) and C,(m) = C3(0, m).
Thus, the time-based and usage-based PM policies are special cases of
the 2-D PM policy.

6. Numerical study

In this section, we present the results of a numerical study to
illustrate how the variability of a usage process affects the performance
of the three PM policies. We use the following values for the model
parameters: T' = 12, U = 12, Ay(t) = 0.05, n = 0.1, p = 0.9, ¢, = 100, and
¢, = 300. To measure the process variability, we choose the coefficient
of variation of M(T), defined by CV = +/Var[M(T)]/E[M(T)]. The
underlying assumption is that as the level of use increases, the range of
fluctuation gets broader, and the occurrence of larger jumps becomes
more likely. Since M(T') ~ Gamma(aT, f8), given the values of E[M(T)]
and CV, we have « = 1 /(CV?T) and f = 1 /(CV2E[M(T)]). Specifically,
we let CV = 0.1 and E[M(T)] = rT. Fig. 4 plots five sample paths of the
gamma usage process with E[M(T)] = 12. Note that only one sample
path can be observed in real-world scenarios. Additionally, we find that
calculating the usage rate r using the usage at the last failure may lead
to significant errors.

To explore the effect of the variability, we consider for illustration
the cases n = 3 and m = 3. When there is no randomness (i.e., CV = 0),
we have M (t) = rt. The expected total cost of the time-based PM policy
can be obtained from Eq. (15) and is depicted as a function of r in
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Fig. 5(a). For CV = 0, the cost curve first increases due to the effect
of usage and then decreases because the 2-D warranty ends earlier.
Beyond a certain point, this curve increases again because the last PM
action becomes undesirable. The number of PM actions is reduced by
one at r = 1.333, causing a sharp drop in the cost. For CV = 0.1, we
see that the variability leads to a smooth cost curve. The usage rate and
warranty end time continue to be the main influencing factors. Fig. 5(b)
presents the percentage error between the costs in these two cases and
demonstrates the existence of both overestimation and underestimation
errors. In Fig. 6, a similar analysis can be done for the expected total
cost of the usage-based PM policy. Note that when m > 3, we need
to determine this cost by solving the dynamic program because it is
impractical to compute the high-dimensional integrals in Eq. (A.2).
Fig. 7 demonstrates the impact of the process variability on PM
schedules under the 2-D PM policy. Recall that without any variability,
the policy reduces to a one-dimensional policy, as represented by the
dotted lines in the two subplots. When the randomness is present, we
calculate the average number of PM actions and the percentage of
usage-based PM actions over 10,000 usage paths. The left plot shows

that the closer the usage rate is to E;:ll))l;, the higher the average

number of PM actions by virtue of an additional PM point near the
2-D warranty boundary. As seen in the right plot, another effect of
the randomness is that the closer the usage rate is to %, the more
likely it is that PM will be performed based on the other dimension.
Fig. 8 displays the expected total cost of the 2-D PM policy. For small
and large values of r, since PM schedules are almost one-dimensional,
the percentage error in Fig. 8(b) should be roughly equal to that in
Figs. 5(b) and 6(b), respectively. For medium r, performing one more
PM action generally increases the manufacturer’s expected total cost,
and the percentage error depends on the benefit of this action.

Fig. 9 compares the optimal costs of the two one-dimensional PM
policies in the absence of the randomness. In Fig. 9(a), when 0 <
r < U/T, both curves increase with the usage rate, and the time-
based policy is less costly than the usage-based policy; however, when
r > U/T, the curves are both decreasing and the comparison result
is reversed. When they overlap, the PM schedules resulting from the
two one-dimensional policies are the same. The minimum of the two
costs is the optimal cost of the 2-D PM policy. Fig. 10 shows the
cost difference when the randomness is present. It is interesting to
observe that the process variability does not change the comparison
result. Although a one-dimensional policy is a special case of a 2-D
policy, for almost all values of r, the optimal 2-D policy is degenerate,
indicating that there is little cost benefit to be gained from performing
2-D PM as a result of additional PM points near the warranty boundary.
However, the situation may be different when the manufacturer only
bears a portion of the PM cost through cost-sharing programs, and the
customer is responsible for the remaining PM visits during the warranty
period [50]. 2-D PM may also benefit the manufacturer when product
usage is highly variable or when uncertainty regarding customer types
arises. These are some of the reasons why 2-D PM is so prevalent in the
automotive industry.

To compare uniform and personalized 2-D PM policies, we examine
the manufacturer’s expected total cost at the population level, as de-
tailed in Table 2. We first normalize the size of the customer population
to one and then consider the following two usage distributions: the
first is » ~ U[0.5,1.5] with E[r] = 1 and Var[r] = 0.083; the second
is logr ~ N(0.0984,0.58%) with E[r] = 1.21 and Var[r] = 0.586. For
uniform PM, we first compute the population cost for each (n,m) and
then minimize over (n, m), while for personalized PM, we first minimize
over (n,m) for each r and then compute the population cost. When
CV = 0, the optimal uniform policies under the two distributions are
both (n*, m*) = (3, 3). The more dispersed the usage rate distribution, the
larger the percentage cost reduction. When the randomness exists, we
have (n*,m*) = (2,3) and (3, 2), respectively. More benefits are achieved
because uniform PM does not allow the degeneration of the optimal 2-
D policy. We also observe that the assumption of constant usage rates
leads to underestimation errors.
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Fig. 7. Effect of process variation on PM schedules when n =3 and m =3 (10,000 sample paths).
7. Conclusion
In this paper, we consider a manufacturer adopting sensor tech-
Table 2 nology to continuously monitor the usage process of a product that is
Manufacturer’s costs for uniform and personalized 2-D PM under two usage rate .
distributions sold with a 2-D warranty. To account for the random nature of usage,
CV  Uniform PM__ Personalized PM _ Gost reduction we assume .that the cumulative Psage. o.f the.product follows. a gamma
5 ToT0862 1009748 o1 process. Using the concepts of first hitting times, gamma bridges, and
B . . (]
~U[0.5,1.5 ; . . ]
r~UJ 1 01  1023.089 1010.504 1.25% doubly stochastic Poisson processes, we formulate a dynamic program
ming model to determine the expected total costs of three PM policies
logr ~ N(0.0984,0.58) 0 907.897 896.524 1.23% g P . . P
2 -0984, 0. 01 915335 900.281 1.64% under the 2-D warranty. Through numerical experiments, we show how
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their expected total costs are affected by the randomness of the usage
process. We also find that the optimal 2-D PM policy degenerates into a
time- or usage-based policy when the manufacturer incurs all PM costs.
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Fig. 10. Comparison between the optimal costs of the PM policies (CV = 0.1).

Our proposed model has some limitations that suggest directions for
future research. The first issue relates to the validity of the gamma pro-
cess assumption. A possible extension would be to test it on real-world
data by checking whether the shape function is linear and whether the
hazards model is additive. Usage paths tend to vary significantly across
product units. To reflect the heterogeneity in usage, a gamma process
model with random effects needs to be developed [51].

Second, we derive the optimal PM policies for given parameters of
a gamma usage process. These parameters, however, may be unknown
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in advance. For estimation purposes, manufacturers can use sensors
to track a product’s usage process over a period of time before the
first PM action is triggered. When usage uncertainty unfolds over time,
investigating dynamic PM policies is a promising research direction.
Such policies require manufacturers to periodically update the process
parameters (e.g., in a Bayesian framework), resolve the problem, and
adjust PM schedules accordingly.

Third, when the cumulative usage at failure is strongly correlated
with age, a unidimensional failure rate function with respect to time is
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Appendix
In this appendix, we derive explicit expressions for the expected

repair costs of the two one-dimensional PM policies. The expected
repair cost in Eq. (15) can be further written as follows:
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(A1)

In the first equality, we condition on the first hitting time of U. In the
second equality, according to the PM instants, the integration interval
[0, +00) is divided into n+2 subintervals in order to determine the value
of [(n+ l)f"/T] — 1 (the number of PM actions) associated with each
subinterval. As an example, if iT/(n+1) < t(U) < (i+ )T /(n+1),0<i <
n, then i PM actions are performed over the warranty period. The third
equality follows from interchanging the expectation and integration
operations and the fact that 7(U) = ¢ implies M(t) = U. The fourth
equality follows from Eq. (5) given that M(0) =0 and M (1) = U

Next, we evaluate the expected repair cost in Eq. (18). This cost
can be written as Eq. (A.2) is given in Box I. In the first equality, the
events {Z; 17 <T < 2":‘1 7;}, 0 < i < m+ 1, form a partition of the
sample space. The first term represents the expected repair cost when
no PM effort is exerted because the usage process does not hit U /(m+1)

i+1
before time T. In the second term, if Z/ 17 <T <Y1 7 then i is

the number of PM actions performed before time 7. To calculate the
conditional expectations in the second equality, we construct a gamma
bridge that is tied down at time Z{lz] t, and time 211] t, for any
0 < j < m. The third equality follows from tedious calculations using
Eq. (5). Note that this expected repair cost has a closed-form expression
involving multiple integrals. Because of the computational difficulty,

we will resort to a dynamic programming model of usage-based PM.
References

[1] Wang X-L. Design and pricing of usage-driven customized two-dimensional
extended warranty menus. IISE Trans 2023;55(9):873-85.
Lawless JF, Crowder MJ, Lee K-A. Analysis of reliability and warranty claims in
products with age and usage scales. Technometrics 2009;51(1):14-24.
Djamaludin I, Murthy DNP, Kim CS. Warranty and preventive maintenance. Int
J Reliab Qual Safety Eng 2001;8(2):89-107.
Wang X, Su C. A two-dimensional preventive maintenance strategy for items sold
with warranty. Int J Prod Res 2016;54(19):5901-15.
Wang X, Xie W. Two-dimensional warranty: A literature review. Proc Inst Mech
Eng O 2018;232(3):284-307.
Wang Y, Liu Z, Liu Y. Optimal preventive maintenance strategy for repairable
items under two-dimensional warranty. Reliab Eng Syst Saf 2015;142:326-33.
Wang J, Zhou Z, Peng H. Flexible decision models for a two-dimensional
warranty policy with periodic preventive maintenance. Reliab Eng Syst Saf
2017;162:14-27.
Wang Y, Liu Y, Liu Z, Li X. On reliability improvement program for second-
hand products sold with a two-dimensional warranty. Reliab Eng Syst Saf
2017;167:452-63.
Dai A, Wei G, Wang D, He Z, He S. The opportunity study of PM strategy for
second-hand products sold with a two-dimensional warranty. Reliab Eng Syst Saf
2021;214:107699.
Shahanaghi K, Noorossana R, Jalali-Naini SG, Heydari M. Failure modeling and
optimizing preventive maintenance strategy during two-dimensional extended
warranty contracts. Eng Fail Anal 2013;28:90-102.
Huang Y-S, Huang C-D, Ho J-W. A customized two-dimensional extended
warranty with preventive maintenance. European J Oper Res 2017;257(3):971-8.
Iskandar BP, Husniah H. Optimal preventive maintenance for a two dimensional
lease contract. Comput Ind Eng 2017;113:693-703.
Peng S, Jiang W, Zhao W. A preventive maintenance policy with usage-
dependent failure rate thresholds under two-dimensional warranties. IISE Trans
2021;53(11):1231-43.
Tinga T. Application of physical failure models to enable usage and load based
maintenance. Reliab Eng Syst Saf 2010;95(10):1061-75.
Seif J, Andrew JY. An extensive operations and maintenance planning problem
with an efficient solution method. Comput Oper Res 2018;95:151-62.
Adan I, Boxma O, Claeys D, Kella O. A queueing system with vacations after a
random amount of work. SIAM J Appl Math 2018;78(3):1697-711.
Su C, Wang X. A two-stage preventive maintenance optimization model
incorporating two-dimensional extended warranty. Reliab Eng Syst Saf
2016;155:169-78.
Wang X, Li L, Xie M. An unpunctual preventive maintenance policy under
two-dimensional warranty. European J Oper Res 2020;282(1):304-18.
Rust J. Optimal replacement of GMC bus engines: An empirical model of Harold
Zurcher. Econometrica 1987;55(5):999-1033.
Finkelstein M, Cha JH, Langston A. Improving classical optimal age-replacement
policies for degrading items. Reliab Eng Syst Saf 2023;236:109303.
Zheng R, Zhao X, Hu C, Ren X. A repair-replacement policy for a system
subject to missions of random types and random durations. Reliab Eng Syst Saf
2023;232:109063.

[2]

[3]

[4]

[5]

[6]

[7]

[8]

[91

[10]

[11]

[12]

[13]

[14]

[15]

[16]

[17]

[18]

[19]

[20]

[21]


http://refhub.elsevier.com/S0951-8320(23)00657-9/sb1
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb1
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb1
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb2
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb2
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb2
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb3
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb3
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb3
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb4
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb4
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb4
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb5
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb5
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb5
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb6
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb6
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb6
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb7
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb7
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb7
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb7
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb7
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb8
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb8
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb8
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb8
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb8
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb9
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb9
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb9
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb9
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb9
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb10
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb10
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb10
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb10
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb10
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb11
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb11
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb11
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb12
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb12
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb12
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb13
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb13
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb13
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb13
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb13
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb14
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb14
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb14
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb15
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb15
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb15
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb16
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb16
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb16
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb17
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb17
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb17
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb17
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb17
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb18
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb18
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb18
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb19
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb19
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb19
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb20
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb20
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb20
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb21
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb21
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb21
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb21
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb21

S. Peng et al.

[22]

[23]

[24]

[25]

[26]

[27]

[28]

[29]

[30]

[31]

[32]

[33]

[34]

[35]

[36]

Yang S-C, Nachlas JA. Bivariate reliability and availability modeling. IEEE Trans
Reliab 2001;50(1):26-35.

Hu Q, Bai Y, Zhao J, Cao W. Modeling spare parts demands forecast under
two-dimensional preventive maintenance policy. Math Probl Eng 2015;2015:1-9.
Kordonsky KB, Gertsbakh I. Best time scale for age replacement. Int J Reliab
Qual Safety Eng 1994;1(2):219-29.

Frickenstein SG, Whitaker LR. Age replacement policies in two time scales. Nav
Res Logist 2003;50(6):592-613.

Murthy DNP, Iskandar BP, Wilson RJ. Two-dimensional failure-free warranty
policies: Two-dimensional point process models. Oper Res 1995;43(2):356-66.
Wang D, He Z, He S, Zhang Z, Zhang Y. Dynamic pricing of two-dimensional
extended warranty considering the impacts of product price fluctuations and
repair learning. Reliab Eng Syst Saf 2021;210:107516.

Gupta SK, Bhattacharya D. Non-parametric estimation of bivariate reliabil-
ity from incomplete two-dimensional warranty data. Reliab Eng Syst Saf
2022;222:108385.

Ye Z-S, Murthy DNP, Xie M, Tang L-C. Optimal burn-in for repairable products
sold with a two-dimensional warranty. IIE Trans 2013;45(2):164-76.

Tong P, Song X, Liu Z. A maintenance strategy for two-dimensional extended
warranty based on dynamic usage rate. Int J Prod Res 2017;55(19):5743-59.
Eliashberg J, Singpurwalla ND, Wilson SP. Calculating the reserve for a time and
usage indexed warranty. Manage Sci 1997;43(7):966-75.
Singpurwalla ND, Wilson SP. The warranty problem:
game-theoretic aspects. SIAM Rev 1993;35(1):17-42.

De Jonge B, Jakobsons E. Optimizing block-based maintenance under random
machine usage. European J Oper Res 2018;265(2):703-9.

Lawless JF, Crowder MJ. Models and estimation for systems with recurrent events
and usage processes. Lifetime Data Anal 2010;16:547-70.

Singpurwalla ND, Wilson SP. Failure models indexed by two scales. Adv Appl
Probab 1998;30(4):1058-72.

Pulcini G. Modeling the mileage accumulation process with random effects.
Comm Statist Theory Methods 2013;42(15):2661-83.

Its statistical and

14

[37]

[38]

[39]

[40]

[41]

[42]

[43]

[44]

[45]

[46]

[47]

[48]
[49]

[50]

[51]

Reliability Engineering and System Safety 242 (2024) 109743

van Noortwijk JM. A survey of the application of gamma processes in
maintenance. Reliab Eng Syst Saf 2009;94(1):2-21.

Singpurwalla ND. Survival in dynamic environments. Statist Sci 1995;10(1):86—
103.

Chen Y, Qiu Q, Zhao X. Condition-based opportunistic maintenance policies
with two-phase inspections for continuous-state systems. Reliab Eng Syst Saf
2022;228:108767.

Kalbfleisch JD, Prentice RL. The statistical analysis of failure time data. New
Jersey: John Wiley & Sons; 2002.

He S, Zhang Z, Zhang G, He Z. Two-dimensional base warranty design based on
a new demand function considering heterogeneous usage rate. Int J Prod Res
2017;55(23):7058-72.

Aalen OO. A linear regression model for the analysis of life times. Stat Med
1989;8(8):907-25.

Duan C, Makis V, Deng C. An integrated framework for health measures
prediction and optimal maintenance policy for mechanical systems using a
proportional hazards model. Mech Syst Signal Process 2018;111:285-302.
Zheng R, Wang J, Zhang Y. A hybrid repair-replacement policy in the
proportional hazards model. European J Oper Res 2023;304(3):1011-21.

Cox DR. Some statistical methods connected with series of events. J R Stat Soc
Ser B Stat Methodol 1955;17(2):129-57.

Wenocur ML. A reliability model based on the gamma process and its analytic
theory. Adv Appl Probab 1989;21(4):899-918.

Manzana N. Stochastic renewal process models for structural reliability analysis
(Ph.D. thesis), University of Waterloo; 2018.

Kebir Y. On hazard rate processes. Nav Res Logist 1991;38(6):865-76.

Doyen L, Gaudoin O. Classes of imperfect repair models based on reduction of
failure intensity or virtual age. Reliab Eng Syst Saf 2004;84(1):45-56.

Peng S, Jiang W, Wei L, Wang X-L. A new cost-sharing preventive maintenance
program under two-dimensional warranty. Int J Prod Econ 2022;254:108580.
Lawless J, Crowder MJ. Covariates and random effects in a gamma process model
with application to degradation and failure. Lifetime Data Anal 2004;10:213-27.


http://refhub.elsevier.com/S0951-8320(23)00657-9/sb22
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb22
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb22
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb23
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb23
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb23
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb24
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb24
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb24
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb25
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb25
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb25
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb26
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb26
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb26
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb27
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb27
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb27
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb27
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb27
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb28
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb28
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb28
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb28
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb28
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb29
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb29
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb29
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb30
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb30
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb30
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb31
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb31
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb31
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb32
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb32
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb32
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb33
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb33
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb33
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb34
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb34
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb34
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb35
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb35
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb35
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb36
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb36
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb36
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb37
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb37
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb37
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb38
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb38
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb38
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb39
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb39
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb39
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb39
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb39
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb40
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb40
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb40
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb41
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb41
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb41
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb41
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb41
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb42
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb42
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb42
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb43
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb43
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb43
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb43
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb43
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb44
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb44
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb44
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb45
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb45
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb45
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb46
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb46
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb46
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb47
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb47
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb47
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb48
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb49
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb49
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb49
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb50
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb50
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb50
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb51
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb51
http://refhub.elsevier.com/S0951-8320(23)00657-9/sb51

	The impact of gamma usage processes on preventive maintenance policies under two-dimensional warranty
	Introduction
	Related Literature
	Model Formulation
	Gamma Usage Process
	Doubly Stochastic Poisson Process
	PM Effect

	One-Dimensional PM Policies
	Time-Based PM Policy
	Usage-Based PM Policy

	2-D PM Policy
	Numerical Study
	Conclusion
	CRediT authorship contribution statement
	Declaration of competing interest
	Data availability
	Acknowledgments
	Appendix
	References


